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Running aaspi_cnn_fault_apply 
 
This module applies a prebuilt fault model to an input seismic volume to generate a volume of 
fault prediction, similar to coherence, using 3D convolutional neural network (CNN). To open it, 
go to Machine Learning Toolbox → CNN Fault (1).  
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Browse to the input seismic volume (2). For now, leave model json and model weight file names 
as default (3). Later on, we will allow users to create and train their own fault models. 
The fault model’s input block size is 128 inlines x 128 crosslines x 128 vertical samples. Each block 
will be extracted from the input volume and run through the CNN fault model to generate a fault-
predicted output block of the same size. The overlapping window size (4) specify the overlapping 
region between adjacent blocks to be extracted from the input volume, and is limited between 0 
and 128-1=127 samples. Zero overlapping window size will make blocks totally separated from 
each other, and thus will require the least number of blocks to be computed. However, fault 
prediction near the edge of a block may not match the other blocks surrounding it, which cause 
horizontal and vertical artifacts around the block edges. Larger overlapping window size will 
alleviate these artifacts but require more blocks to be computed, hence more time consuming. If 
your data’s quality is good, you can use smaller overlapping window size. 
For now, GPU computing (5) is buggy and memory leaking. Unless you have a lot of CPU memory 
(>32GB) and a powerful nvidia GPU, do not check this box. If you are able to use GPU, 
computational speed will be at least 10-20x faster than CPU. 
Specify unique project name and suffix for output file name generation (6). 
Finally, click Execute button (7) to run AASPI CNN Fault Prediction. 

Output file naming convention  
Program aaspi_cnn_fault_apply will always generate the following output files: 
 

Output file description File name syntax 

program log 
information 

cnn_fault_unique_project_name_suffix.log 
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where the values in red are defined by the program GUI. Errors, much of the input information, 
a description of intermediate variables, and any software trace-back errors will be contained in 
the *.log file. 

Results 
 
Output fault prediction result will have the following naming scheme: 
cnn_fault_<unique_project_name>_<suffix>.H 
Below is an example of input seismic profile and the corresponding output fault-predicted profile: 

 

 


